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Relative Effectiveness (RE)

o “the extent to which an intervention does
more good than harm compared to one or
more alternative intervention for achieving
the desired results when provided under the
usual circumstances of health care practice”
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Aims: WP2

Examine clinically meaningful patient subgroups
based on actual care pathways.

Use of drugs within defined treatment strategies.
Most relevant outcome measures /endpoints.

Patient and healthcare organisation factors that may
drive variability of patient outcome in actual clinical
practice for any given treatment strategy.

Most appropriate comparator/s (drug and non-drug
treatment strategies) for key subgroups.
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Aims WP3

 Develop a better understanding of how study
designs used mainly for post launch RE can be
applied successfully to investigational (unlicensed)

medicines.

e Assess designs against current regulatory
guidance/opinion and operational challenges:
— Degree to which design meets HTA agencies’ technical
guidance
— Any conflict with regulatory guidance

— Ethical/legal issues concerning study of investigational
medicines (

— Operational impacts of different designs |
GetReal



Aims WP4

e Examine how RE be estimated from phase Il and
Il RCT efficacy studies alone

e How should RCTs, additional relative
effectiveness studies and observational data best
be integrated to address specific decision making
needs of regulatory and HTA bodies at launch?

e How can relative effectiveness in one country be
modeled from raw data on relative effectiveness
in another? (
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Aims WP1

* Create the decision-making framework for
Pharma R&D for the systematic identification and
assessment of different development strategies,
considering:

— the incremental value of information from the study

programme in the estimation of relative effectiveness
at launch and after launch

— the technical and practical challenges of different

designs
— the interaction with regulatory, HTA and other review
processes. (
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Objectives: In low-income settings, treatment failure is often identified using
count monitoring. Consequently, patients remain on a failing regimen, resu



IMI GetReal WP4 Overview
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Guidance and recommendations

Tasks

1) Identify suitable
case-studies

2) Assess patient characteristics
and risk of bias

3) Re-analyze individual patient
data if available

4) Obtain best estimates of RE
for different patient groups

5) Predict RE and absolute
benefits and harms in
different patient groups

6) Develop user-friendly
software

7) Develop guidance and
recommendations
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Issues to be addressed in case studies

Surrogate to patient- relevant endpoint
Adherence in trial versus real world
Lack of direct comparison

Long term vs short term outcomes

Impact of different patient characteristics / background
therapy and comorbidity

Aggregate versus IPD data, publication bias

Impact of study design / risk of bias

Extrapolating from one setting to another

Switching of drugs in trials

Progression free survival versus overall survival 0
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Possible case studies
Diseasearea _ |Interventions _ |Indication

Diabetic medicine Pioglitazone, Rosiglitazone,  Glycemic control
Troglitazone

Cardiovascular Clopidogrel, Prasugrel, Platelet inhibition
Ticagrelor

Drug eluting stents: Coronary artery patency
PROMUX/TAXUS, CYPHER,
XIENCE Xpedition

Oncology ESAs Anaemia
Rituximab Low grade non-Hodgkin
lymphoma (first-line)
Aromatase inhibitors Breast cancer

Respiratory Bronchodilators Asthma

Neurology Bromocriptine, Cabergoline, Parkinson disease
Pramipexole, Ropinirole

Fingolimod, Glatiramer, Relapsing-remitting multiple
Interferon beta (1a/1b), sclerosis
Natalizumab, Teriflunomide



Estimate RE from observational studies

e Use DAGs to understand role of different
variables as potential (time-dependent
confounders).

e Use statistical methods that minimize bias (for
example marginal structural models) in
estimates Of RE. Baseline confounder ggggﬁg:::dem
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Do (network) meta-analyses of RCTs and
subgroups from RCTs

e Bayesian hierarchical random effects models
for mixed multiple treatment comparisons.

e Use standard random-effects meta-regression
and Baysian models to identify determinants
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Do (network) meta-analyses of RCTs and
subgroups from RCTs

e Bayesian hierarchical random effects models
for mixed multiple treatment comparisons.

e Use standard random-effects meta-regression
and Baysian models to identify determinants

of RE.
L]
* Refine ADDIS software i ek
Example studies and analyses with anti-depressants.
Recommended for first time users,
package.

ADDIS v 1.14.1

Start with an empty file te build up your own data and
6 ] New dataset | @nalyses.
drugis.org
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Model RE under different scenarios

e Use mathematical (multi-state) simulation
models to predict RE under .
different scenarios, in P .

different populations. ( ooooooooo

irclogically failing Immunclogically failing
E d-line second-ine ART
\‘\ Vinslogically and immunologically
“ failing sacond-ins ART
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